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1. Introduction 

Digital development in the form of new technology and applications is transforming and reshaping 
human habits in several areas of social life, including payment and financial transactions. With the 
rise of mobile phones, laptop computers, and other technological gadgets, communication, and 
entertainment have become practically limitless. Mobile phones have multiple functions and the 
potential to be used as wallets and to process all payments (de Kerviler et al., 2016). The increased 
ownership and usage of mobile phones have resulted in the expansion of mobile payment services, 
which have become one of the most important personal and professional consumer activities in recent 
years (Liébana-Cabanillas et al., 2018). The increasing number of mobile phone users around the 
world, led the banking sector adopting internet banking as a delivery channel for their services. 
Numerous researchers examined internet banking adoption in the banking sector. The consumers' 
attitude towards e-banking depends on how they would adopt new technology-based delivery channels 
(Adapa & Roy, 2017). The changes in the use of delivery channels would arise as the population 
matures and confidence, and computer usage increases (Thornton & White, 2001). The UTAUT 
model has been used in the banking sector to evaluate banking technology adoption (Yu, 2012; 
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 This study aims to evaluate the factors affecting customers' acceptance 
and use of the internet and mobile banking during the COVID-19 
pandemic. In Indonesia, the COVID-19 epidemic has encouraged 
residents to utilize other payment methods rather than cash, which easily 
spreading the virus. Internet and mobile banking are examples of 
technological innovations which can assist banking customers during the 
COVID-19 pandemic since it is safer, easier to access, and needs less 
human interaction. This paper utilizes a Unified Theory of Acceptance 
and Use of Technology (UTAUT) Model to assess consumers' intentions 
to use the internet and mobile banking. Previous research discussed the 
mobile banking adoption during the Covid-19 in various fields. 
Therefore, it is important to analyze the mobile banking intention and 
behavior in Indonesia. The data collected from questionnaires are used to 
evaluate the conceptual model, which shows the relationship between 
UTAUT constructs, performance expectancy, experience expectancy, 
and social influence. From 158 questionnaires with diverse demographic 
backgrounds gathered, we found that effort expectancy, performance 
expectancy, and social influence have a positive impact on the behavioral 
intention. Furthermore, it found that behavioral intention and facilitating 
conditions have influence on the using behavior. These results give a 
suggestion to both the banking industry and government to improve their 
mobile banking system to improve financial inclusion. 
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Bhatiasevi, 2015; Tan & Lau, 2016; Afshan & Sharif, 2016; Alalwan et al, 2017; Shaikh et al, 2018). 
Dwiyedi et al (2019) integrated UTAUT with TAM and DOI to verify M-payment adoption intentions. 
Afshan & Sharif (2016) integrated trust in the UTAUT model to evaluate the consumers' continuance 
intention use of mobile banking in Pakistan. Meanwhile, Zhao & Bacao (2021) integrated the UTAUT 
with perceived benefits from Mental Accounting Theory (MAT), trust, and perceived security to 
measure how the pandemic facilitated mobile payment. 

Previous studies also found several factors determined the consumer's attitude towards mobile and 
internet banking, such as motivation, demographic, individual acceptance of new technology, social 
influence,  effort expectancy, and behavior towards different banking technologies. Karjaluoto et al 
(2002) found that demographic factors impact online banking behavior. Furthermore, a research 
conducted by Sarel & Marmorstein (2003) in  Finland discovered that education and household 
income significantly affected electronic banking adoption.  Meanwhile, Bhatiasevi (2015) explained 
that Thai people have a strong tendency to take over m-banking, mainly if they use this self-service, 
easy-to-use technology. As COVID-19 spreads, several limitations have been enforced to limit social 
engagement. It impacted and created several community behaviors, including banking activities. As 
people spend most of their time at home, mobile banking has emerged as a feasible option for secure 
banking transactions. The pandemic of COVID-19 has increased the significance of digital banking 
in many developing economies. According to the International Monetary Fund's Financial Access 
Survey, mobile money usage increased significantly in several low- and middle-income economies 
during the COVID-19 epidemic (Bazarbash et al., 2020). A business model that expands the current 
ecosystem has been established through such new forms of payment. As a result, the cashless society 
has grown globally, mobile wallets have become a must-have payment method, and 2.4 billion 
individuals were using digital banking in 2020. It is projected to reach 3.6 billion by 2024 (Juniper 
Research, 2020). Hoe (2020) reported more traditional small and medium-sized enterprises (SMEs) 
registered online banking accounts to support their transactions; similar to that, in South-East Asia, 
the number of people registering banking accounts with digital banks grew significantly. The same 
trend also happened in the UK, with a substantial increase in monthly mobile banking transactions 
from 52% to 57%. 

In Indonesia, the bank institution used these situations as momentum to build and launch new 
features in its online banking, such as biometric security, digital payment, and worldwide transfer 
mode. People are progressively adopting mobile banking services for varied everyday needs instead 
of going to the bank. E-banking provides several benefits to its consumers, however, its adoption in 
Indonesia is still considered low (Barquin et al., 2019). According to reports, approximately only 32% 
of banking customers actively use online banking services in Indonesia (Barquin et al., 2019). Some 
issues correlate with this situation, such as the internet connection and accessibility, barriers to 
technology, and the low trust in e-banking security. Based on the issues discussed above, it is critical 
to examine the technological factors influencing users' behavioral intentions on the Internet and 
Mobile Banking during the COVID-19 pandemic to understand better how technology adoption 
arises. This study proposes to evaluate the factors affecting customers' acceptance and use of the 
internet and mobile banking during the COVID-19 pandemic. This work thus identifies the impact of 
COVID-19 on e-banking customer behavior in Indonesia. 

2. Literature Review 

2.1. The Benefits and Issues of the Internet and Mobile Banking for Consumer 

E-banking development has changed traditional banking practices globally. E-banking services 
through the internet and mobile banking have benefited both the consumer and the banking 
institutions. Singhal & Padhmanabhanm (2008) argued that e-banking improves daily banking 
operation efficiency and provides more convenience to customers. Moreover, e-Banking allows 
banks to extend their services and utilities and improve customer satisfaction. E-banking offers 
convenience and flexibility to the customer at a lower cost than traditional branch banking 
(Williamson, 2006). It makes the transaction faster and simpler. The customer can access the bank 
information every time and everywhere. Srivastava (2007) mentioned that the most significant 
advantage of e-Banking lies in its flexibility, which allows customers to access banking services 
remotely. E-banking is equally beneficial to customers and banks (Wang et al., 2019). The benefits 
for banks and financial institutions include overhead savings, increased availability, and increased 
customer numbers, while benefits for customers include time flexibility, convenience, and 
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availability. These include service availability, anonymity, security, and watershed avoidance. 
Personal risks, health concerns (including but not limited to pandemic-related concerns), transaction 
costs (Baabdullah et al., 2019), and hassles, and money optimization through the ability to organize 
digital spending and savings. 

For retail banks, e-banking significantly reduces labor costs and the number of brick-and-mortar 
bank branches (Shaikh et al., 2018). It helps collect data on users' banking habits and customization 
purposes. Interestingly, with 1.6 billion unbanked mobile phone users, e-banking is also being seen 
as an alternative to traditional channels to reach this group in the unbanked world. (Choudrie et al, 
2018; Farah et al, 2018). Even though e-banking provides several benefits to its consumers, its 
adoption still needs to grow in Indonesia. Barquin et al (2019) reported that only 32% of the banked 
population is actively using digital banking services. Some issues correlate with this situation, such 
as the internet connection and accessibility, barriers to technology, and the low trust in e-banking 
security. Internet connectivity is a critical factor for e-banking penetration. As reported by statistics, 
around 185 million people in Indonesia were using the internet in 2019. However, not all areas have 
a good internet connection which might cause the e-banking penetration to remain low. Moreover, 
Fonchamyo (2013) found that older consumers are less likely to use e-banking because they have a 
negative attitude toward technology and innovation compared to younger adults. The latter are more 
excited about using the new technologies. Another barrier to e-banking penetration is the customers' 
trust in e-banking services. On the other hand, Santosa et al (2021) found that genX and baby 
boomers, which are similar to older consumers, have more intention of using digital payment or e-
banking, especially during the pandemic COVID-19. 

2.2. Consumer Behaviour Towards Internet and Mobile Banking During Pandemic 

The consumer's attitude towards online and mobile banking is determined by some factors such 
as motivation, demographic, individual acceptance of new technology, social influence, effort 
expectancy, and behavior towards different banking technologies. Research conducted by Karjaluoto 
et al (2002) found that demographic factors impact online banking behavior. Tan & Lau (2016), 
using a sample of 347 Malaysian university students, found that when individuals feel high levels of 
pressure and influence from significant others, they are more likely to adopt mobile banking. 
Consistent with this finding, a study by Suresh & Latha (2021) empirically tested the impact of social 
influences on use intentions among 959 rural residents in India. Following this reasoning, Bhatiasevi 
(2015) explained that Thai people have a strong tendency to take over m-banking, mainly if they use 
this self-service, easy-to-use technology. Sarel & Marmorstein (2003) researched Finland and found 
that education and household income significantly affected electronic banking adoption. 
Furthermore, the consumers' attitude towards e-banking depends on how they would adopt new 
technology-based delivery channels. The changes in the use of delivery channels would arise as the 
population matures and confidence, knowledge, and computer usage increase (Thornton & White, 
2001). 

Unexpected changes in the business environment can lead to significant changes that experts did 
not foresee or by managers. COVID-19 pandemic is an excellent example of a global phenomenon 
that has changed dramatically. Consumer behavior, business, and leisure activities. Delivery of 
products in the real world and access to services such as restaurants has changed. These phenomena 
are also related to changes in payment methods for goods and services (Szumski, 2022). During to 
the COVID-19 pandemic, people tend to avoid using physical currency in their transactions with one 
another (Zhao & Bacao, 2021). Different habits and behavior have shaped the community, including 
banking activities. The COVID-19 pandemic impacts how bank customers access financial products 
and services (Tut, 2023). According to Forrester Research, contactless transactions have increased 
by 69% since January 2020 (Rueter, 2020). Additionally, nearly 50% of shoppers worldwide are 
using digital payments more than before the pandemic, and the majority plan to continue doing so 
(yStats GmbH & Co. KG, 2020). Hoe (2020) reported that more traditional small and medium-sized 
enterprises (SMEs) register online banking accounts to support their transactions; similar to that, in 
South-East Asia, the number of people registering banking accounts with digital banks grew 
significantly. The same trend also happened in the UK, where there was a substantial increase in 
monthly mobile banking transactions.  

There are some key economic reasons why the COVID-19 pandemic will accelerate mobile 
banking adoption. First, COVID-19 is an easily transmitted infectious disease. Consumers are selfish, 
and they care about their health. Therefore, we may respond to the pandemic by reducing and 



192 Optimum: Jurnal Ekonomi dan Pembangunan ISSN 2613-9464 

 Vol. 14, No. 2, September 2024, pp. 189-200  

 Fani Pramuditya et al (Impact of pandemic Covid-19 on ….) 

minimizing contact. Second, the government responded to the outbreak of the pandemic. In response 
to the outbreak of the novel coronavirus disease (COVID-19) pandemic, the government has 
tightened regulations to adapt to the "new normal". The community should maintain social distancing 
and limit physical interactions. As a result, consumers are expected to move away from payment 
methods that require physical contact (such as electronic cards) to contactless payment methods, such 
as mobile banking. The Indonesian government is also promoting cashless payment processes to help 
society support the "new normal.  In consequence, the lack of  physical interaction in service 
encounters has increased customer demands such as banking and financial services  (Aji et al., 2020). 
The immediate onset of the COVID-19 pandemic has resulted in business closures and a general 
economic slowdown activity. That factor, combined with uncertainty about the duration of the 
pandemic, means that consumers are likely to minimize the use of interest-bearing payment methods 
such as credit cards (Szumski, 2022). 

2.3. The Unified Theory of Acceptance and Use of Technology (UTAUT) Model 

There are different methods applied for analyzing technology adoption. Fishbein & Ajzen (1972) 
developed the theory of reasoned action (TRA). Explaining an individual's intention to perform a 
behavior is an intermediate determinant of whether an action happens. Ajzen & Madden (1986) 
renewed the TRA concept and proposed the theory of planned behavior (TPB). The TPB concept 
included perceived behavioral control as a determinant of behavior. Davis (1989) advanced the 
concept by accommodating perceived usefulness (PU) and perceived ease of use (PEOU) as 
determinants of the intention to use technology, which then impacts the acceptance behavior, called 
the TAM model. Furthermore, an extension of TAM was built by adding social influence (subjective 
norm) and cognitive instrumental processes (Venkatesh et al., 2000). Among these theories/models, 
research indicated that the Unified Theory of Acceptance and Use of Technology (UTAUT) better 
explains the variance in the behavioral purposeful of utilizing technology (Venkatesh et al., 2003). 
UTAUT was developed by Venkatesh et al (2003) to measure the behavioral intentions to use a new 
technology system. It elaborates on four determinants: performance expectancy, social influence, 
effort expectancy, and facilitating condition. The model to account for 70% of the variance in 
behavioral intention to use and about 50% in actual use (Venkatesh et al., 2012). Although the 
original UTAUT is applied favorably to innovations in many contexts, the "consumer technology 
use context" requires additional variables to clarify and specialize for this circumstance. As a result, 
Venkatesh et al (2012) upgraded the UTAUT model in 2012 by adding three elements, hedonic 
motivation, price value, and habit, resulting in UTAUT2. Dwiyedi et al (2019) stated that the UTAUT 
model omitted several significant relationships, hypothesized some relationships that may not be 
suitable to all situations, and removed some constructs that may be important for explaining 
information systems acceptance and use. 

The UTAUT and UTAUT2 frameworks have been adopted in various aspects of technology 
adoption. Abbad (2021) uses the UTAUT model to evaluate the student's usage of e-learning systems 
in developing countries. Marinković & Kalinić (2020) elaborated on the UTAUT model with 
perceived trust and satisfaction to investigate the customers' usage intentions of M-commerce. 
Furthermore, the UTAUT model has also been integrated with security-related factors, validating 
that security and trust strongly affect customers' adoption intentions of NFC M-payments in the 
restaurant industry (Islam et al., 2019). The UTAUT model has also been used in the banking sector 
to evaluate banking technology adoption. Alalwan et al (2017) argued that UTAUT is considered to 
be one of the most comprehensive theoretical frameworks for evaluating the consumer behavior 
based on the adoption of self-service retail banking technologies. Bhatiasevi (2015) integrated 
UTAUT with TAM and DOI to verify M-payment adoption intentions. Rahi et al (2020) analyzed 
the role of UTAUT in the internet banking adoption context and found that all factors were significant 
in predicting users' intention to adopt internet banking. Kasri et al (2022) integrated trust in the 
UTAUT model to evaluate the consumers' continuance intention use of mobile banking in Jakarta. 
Zhao & Bacao (2021) integrated the UTAUT with perceived benefits from Mental Accounting 
Theory (MAT), trust, and perceived security to measure how the pandemic facilitated mobile 
payment. 

Researchers have utilized the UTAUT model to evaluate technology adoption during the COVID-
19 pandemic. Puriwat & Tripopsakul (2021) elaborated on the UTAUT model with the perceived 
fear of COVID-19 in evaluating the technology adoption of food delivery mobile applications. The 
study found that social influence, performance expectancy, effort expectancy, and perceived fear 
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impact the intention to use food delivery applications. Furthermore, Barua & Barua (2021) combined 
situational and health consciousness with the UTAUT model to study the acceptance and usage of 
mobile Health Technologies during the COVID-19 pandemic, focusing on a developing country. 
Meanwhile, Napitulu et al (2021) used the UTAUT model to examine factors influencing telehealth 
acceptance amid the COVID-19 outbreak in Indonesia. The results explained that performance 
expectancy, effort expectancy, and facilitating conditions significantly affect behavior intention to 
use Telehealth. 

3. Method 

The methodology that has been used in this research is quantitative research. A questionnaire is 
used as an instrument for collecting data. This research utilized an online questionnaire through a 
Google form, which targeted respondents who use mobile and internet banking during the COVID-
19 pandemic. The questionnaire consists of two parts. The first part is the demographics of 
respondents, such as gender, education level, age, and occupation. The next part is designed based on 
the previous theory and research on customer intention in mobile and internet banking, consisting of 
15 measurement items as indicators to explain performance expectancy, effort expectancy, social 
influence, and behavioral intention. The questionnaire uses the Likert scale from (1) to (5) to reduce 
confusion and adequate time for the respondent, with (1) representing strongly disagree and (5) 
representing strongly agree. It is validated and tested to eliminate possible content and errors. We 
collected 158 respondents with various demographics. This research uses regression to analyze the 
impact of performance expectancy, effort expectancy, and social influence on behavioral intention 
using SPSS and AMOS as statistical tools. Specifically, this study uses an UTAUT Model to assess 
our hypothesis. The sampling method in this study is purposive sampling. 

4. Results and Discussion 

Table 1. shows the characteristics of the respondents with the total of respondents are 158 
participants, 32.91 percent were male and 67.09 percent of female. Respondents were predominantly 
students (73 percent) with average levels of education in high school and first degree. More than half 
of the respondents were less than 20 years old. It means that Generation Z was the most significant 
respondent in our survey. Generation Z is a generation that is so technologically tied that these 
respondents are relevant to see how mobile and internet banking users behave during the COVID-19 
pandemic. Additionally, 73 percents of the respondents of this study are students, followed by 
entrepreneurs (11%), private employees (7%), others (6%), and civil servants (3%). More than half of 
our respondents had a first-degree educational level of 51.27 percent. Meanwhile, high school and 
master/doctors were counted as 41.14 percent and 7.59 percent, respectively. 

Table 1. Descriptive Statistics 

Section Sub-Section Frequency % 

Gender 
Male 52 32.91 

Female 106 67.09 

Educational Level 

High School 65 41.14 

Diploma 0 0 

First Degree 81 51.27 

Master/Doctoral Degree 12 7.59 

Age 

< 20 85 54 

20-30 34 22 

31-40 27 17 

> 41 12 8 

Job 

Students 116 73 

Entrepreneur 18 11 

Civil Servants 4 3 

Private Employees 11 7 

Others 9 6 

Source: data processed 

Our survey instrument included a likert scale (1-Strongly Agree to 5 Strongly Disagree) questions 
to measure the valid UTAUT measures adopted by Venkatesh et al (2003). The internal reliability of 
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the scales was assessed via factor loading and construct reliability. Hair et al (2010) explained that 
two major steps are needed in analyzing structural equation modeling data analysis, namely, the 
measurement model assessment and the structural mode assessment. The first step is to examine the 
measurement model, which determines the convergent and discriminant validity. The next step is to 
examine the structural model to determine the strength and direction of the relationships among the 
constructs. 

Table 2. Standard Item Loadings and Validity Test 

Construct Indicator Factor Loading Minimum Result 

Effort 

Expectancy 

EE1 0.577 

> 0.5 

Valid 

EE2 0.535 Valid 

EE3 0.772 Valid 

EE4 0.689 Valid 

Performance 

Expectancy 

PE1 0.859 

> 0.5 

Valid 

PE2 0.712 Valid 

PE3 0.613 Valid 

PE4 0.673 Valid 

Social Influence 

SI1 0.710 

> 0.5 

Valid 

SI2 0.689 Valid 

SI3 0.709 Valid 

SI4 0.633 Valid 

Facilitate 

Condition 

FC1 0.775 

> 0.5 

Valid 

FC2 0.547 Valid 

FC3 0.537 Valid 

Behavioral 

Intention 

BI1 0.858 

> 0.5 

Valid 

BI2 0.644 Valid 

BI3 0.626 Valid 

Using Behavioral 
UB1 0.846 

> 0.5 
Valid 

UB2 0.565 Valid 

Note: data processed 

SPSS statistical software was utilized to evaluate the construct validity and reliability of the 
measurement instrument. The AVE was calculated to evaluate the convergent validity. Hair et al. 
(2010) explained that for a good measurement indicator, factor loadings must be at least 0.5 and 
preferably 0.7. Meanwhile, the minimum threshold for construct reliability should be 0.7, and the 
average variance extracted for each construct should equal or exceed 0.5. Table 2 and Table 3 shows 
the results of factor loadings, construct reliability, and average variance, which proves adequate 
evidence of validity and reliability. The data shows that all indicators have factor loadings exceeding 
0.5, while construct reliability figures exceed the recommended level of 0.7 

Table 3. Reliability Test 

Variable CR Cut off Result 

Effort Expectancy 0.7792 

> 0.7 

Reliable 

Performance Expectancy 0.8041 Reliable 

Social Influence 0.7862 Reliable 

Facilitate Condition 0.7764 Reliable 

Behavioral Intention 0.8049 Reliable 

Using Behavioral 0.8120 Reliable 

Source: data processed 

After evaluating the reliability and validity of the measurement model, the next step in this study 
is to test the research hypotheses using the structural model. The adequacy (goodness) of the structural 
model is tested using the coefficient of determination (R2) and the t-value of the path coefficients. R 
square is also known as the coefficient of determination which explains how far the dependent data 
can be explained by the independent data. R square is between 0 - 1 with the provisions that the closer 
to number one, the better. The rule of thumb that is used to classify R2 scores is 0.75 (substantial), 
0.50 (moderate), and 0.25 (weak). Table 4 shows the value of R2 is 53.9%, which means that variables 
of effort expectancy, performance expectancy, social influence, gen z, and gender can explain the 
behavioral intention indicator as 53.9%, and the other has been explained by other variables.  
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Table 4. Goodness of Fit and R2 

Goodness of Fit Index Cut-off Value Research Model Result 

Significant probability ≥ 0.05 0.058 Fit 

RMSEA ≤ 0.08 0.034 Fit 

GFI ≥ 0.90 0.895 Marginal Fit 

AGFI ≥ 0.90 0.861 Marginal Fit 

CMIN/DF ≤ 2.0 1.182 Fit 

TLI ≥ 0.90 0.973 Fit 

CFI ≥ 0.90 0.977 Fit 

R2 0.539 

Source: data processed 

The structural model was conducted to test three hypotheses proposed in this study. According to 
Hair et al (2010) the hypotheses are proven if the indicators have a p-value of 0.05, and the T-Statistic 
(t-value) should be greater than 1.96 for a significance level of 5%. We also considered generation 
differences and gender as dummy variables to see how it impacts behavioral intention. 

Table 5. Hypothesis Testing 

Variables Estimate Std Error C.R. P Hypothesis 

Behavioral 

Intention 

<--- Effort 

Expectancy 
0.486 0.216 2.252 0.024 

Significant 

Positive 

Behavioral 

Intention 

<--- Performance 

Expectancy 
0.375 0.098 3.848 0.000 

Significant 

Positive 

Behavioral 

Intention 

<--- Social 

Influence 
0.268 0.126 2.123 0.034 

Significant 

Positive 

Using 

Behavioral 

<--- Behavioral 

Intention 
0.408 0.132 3.090 0.002 

Significant 

Positive 

Using 

Behavioral 

<--- Facilitating 

Condition 
0.467 0.124 3.771 0.000 

Significant 

Positive 

Source: data processed 

Table 5 and Figure 1, the statistical result of every path in the research model indicated that all 
three hypotheses were supported. Effort expectancy, performance expectancy, and social influence 
have a positive impact on behavioral intention. Facilitating conditions are positively impacted on use 
behavior too. As explained by Giovanis et al (2019) the customer will have more intention to use the 
technology if it is facilitating a good condition, i.e. a technology which is simple to use. Clearly, the 
study's findings indicate that as facilitation conditions improve, people will tend to use mobile banking 
rather than use cash. This finding aligned with the research conducted by Borasi & Khan (2020) that 
predicted to expand the mobile banking user nearly 30% from 2020 to 2027 due to intensifying 
competition, especially in facility improvement. 

 

                 Source: data processed 
Figure 1. Structural Modelling Analysis 
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Moreover, Table 6 shows that variable gender has a t-value of less than 1.96 and a p-value of more 
than 0.05, meaning gender does not influence behavioral intention. The Genz variable impacts 
behavioral intention (p-value 0.034; t-value 2.14). However, the result shows that gen z has a lower 
behavioral intention than non-Genz (genX and baby boomers). The reason is that generation z has no 
regular income, so it has been driven to less mobile and internet banking activities. This finding 
aligned with research conducted by Santosa et al (2021) that showed non-Genz generation (genX and 
baby boomers) have more intention in using mobile banking during pandemic COVID-19. 

Table 6. Independent Sample T-Test 

Indicator Age Classification N Mean Prob 

Effort 

Expectancy 

Gen-Z 117 14.42 0.846 

Non-Gen-Z 41 14.54 0.856 

Performance 

Expectancy 

Gen-Z 117 17.38 0.599 

Non-Gen-Z 41 17.07 0.621 

Social Influence Gen-Z 117 15.12 0.118 

Non-Gen-Z 41 14.15 0.115 

Facilitate 

Condition 

Gen-Z 117 11.30 0.831 

Non-Gen-Z 41 11.39 0.839 

Behavior 

Intention 

Gen-Z 117 11.48 0.398 

Non-Gen-Z 41 11.90 0.421 

Using Behavioral Gen-Z 117 6.92 0.012 

Non-Gen-Z 41 7.83 0.016 

Source: data processed 

This paper sought to provide a further understanding of issues surrounding the acceptance of 
internet and mobile banking in the COVID-19 pandemic using the UTAUT model. Based on the 
analysis above, this study supports the previous research conducted by Venkatesh et al (2003) and 
Giovanis et al (2019). It supports the argument that the three variables in the UTAUT model, namely: 
Effort Expectancy, Performance Expectancy, and Social Influence, have a direct influence on 
Behavioral Intention. The results from this study suggest that the Performance Expectancy and Social 
Influence variables significantly affect the Behavioral Intention to utilize the internet and mobile 
banking amid the COVID-19 pandemic. The increasing number of the internet and mobile banking 
users is critical from an economic perspective.  The more people use the technology it will impact the 
economic viability of a technological application. The results of this study proved that the COVID-19 
pandemic impacts how the banking customer intention to utilize the internet and mobile banking. 
Furthermore, it means that the larger number of users will create the social base that can influence and 
promote the spreading of internet and mobile banking customers in the future. This research also 
supports the study conducted by Silva et al (2023) where the digital solution's adoption would have a 
long-term effect and continues after the coronavirus pandemic. This study is relevant with the previous 
research conducted by Sitanggan (2020) which discover that Indonesia's bank institutions, such as 
BNI and BCA, increased online banking activity during the pandemic by more than 56% and 28%, 
respectively. It proved that the COVID-19 pandemic has accelerated online banking penetration in 
Indonesia. The changing consumer behavior in the banking sector will likely change the banks' 
business model. As mentioned by Barquin et al (2019) one of the most impacted banking industry 
dimensions is distribution channels, such as sales in the bank branch and direct sales. According to 
Juniper Research (2020) changes in customer behavior may lead to a shift in the branch concept from 
conventional transactions to high-value operations. Customers' shifting preferences are unlikely to 
return to pre-outbreak norms (Ghosh, 2022). Based on this finding, the bank institutions might adapt 
to the new environment and create a strategy in the middle of uncertainty. 

5. Conclusion 

The current research evaluates the consumers’ behavioral intention to utilize the internet and 
mobile banking. Amid the COVID-19 pandemic, most recent studies have explored the initial 
adoption of contactless FinTech systems. Therefore, this study applied the UTAUT model, which 
provided significant results to explain the technology adoption during the pandemic. We proposed 
three variables, Effort Expectancy, Performance Expectancy, and Social Influence to investigate the 
behavioral intention of Indonesian customers in utilizing the internet and mobile banking during the 
COVID-19 pandemic. The results showed that Effort Expectancy, Performance Expectancy and 
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Social Influence variables significantly influence Indonesian consumers’ behavioral intention to 
utilize the internet and mobile banking amid the COVID-19 pandemic. This study also found that 
Facilitating Conditions are positively impacted on use behavior of internet and mobile banking.  In 
addition, our model was able to explain 53.9% of the variance in behavioral intention. Furthermore, 
the study also found that gender does not influence behavioral intention. Meanwhile, gen z has a lower 
behavioral intention than non-Genz (millennials) in utilizing the internet and mobile banking during 
the COVID-19 pandemic. 

Like most of studies, the present study has some limitations. This paper used only the three 
variables of the UTAUT model. It also did not consider the effect of the moderating variables 
presented in the original UTAUT model. As a result, the researchers suggest that future studies include 
more participants from diverse backgrounds to provide more accurate data and conclusions. Due to 
the numerous factors that determine research environments, this study suggests that more variables be 
included in future research to enhance the variance explained by the predictors. 
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